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Motivation

d Nearest Neighbor search -> fundamental operation
 GIS, data analytics, scientific applications etc.

Two-Layer Partitioning

. An SOP first-layer, e.g., a grid
. Decompose every first-layer partition into classes [1]
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Query Processing
Tile examination [2] Tile categorization Incremental search [4] k-NN search
 Splitting the grid into conceptual /evels 9 types representing a set of classes each Jd Min-heap Q J kis given
J Level O0: the tile containing query g - Process types based on their direction to g . Storing tile-groups, - Min-heap Q (tile-
J V Level n € |1,N]: 8n tiles (4 tile-groups) Q Duplicate avoidance, instead of elimination [3] tiles and objects groups and tiles)
. Examining groups by distance to g . Reducing comparisons . Max-heap H (objects)
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Experiments
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